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Abstract: The accelerated adoption of artificial intelligence (AI) technologies across industries has introduced both 

unprecedented operational efficiencies and profound challenges to workforce stability. This study investigates the relationship 

between AI integration and employee perceptions of job insecurity, with a particular emphasis on its impact on employee 

engagement. Drawing on data collected from 210 professionals across AI-intensive sectors—manufacturing, finance, and 

customer service—the study employs a quantitative, cross-sectional survey design and structural modeling using Hayes’ 

PROCESS macro. Results indicate that higher levels of AI adoption are positively associated with perceived job insecurity, which 

in turn significantly reduces employee engagement. Critically, the analysis reveals that perceived organizational support (POS) 

moderates this relationship, buffering the adverse effects of job insecurity on engagement. The findings underscore the necessity 

for organizations to implement proactive communication strategies, reskilling initiatives, and psychological support mechanisms 

to sustain employee morale and productivity amid AI-driven transformations. This research contributes to the growing discourse 

on the human implications of technological disruption and offers evidence-based insights for policymakers, human resource 

professionals, and organizational leaders navigating the complexities of AI integration. 
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1.Introduction 

The rise of artificial intelligence (AI) has ushered in a transformative era across workplaces worldwide, fundamentally reshaping 

how tasks are performed, decisions are made, and value is generated within various industries. From robotic process automation 

(RPA) in manufacturing to algorithmic trading in finance and intelligent chatbots in customer service, AI technologies are rapidly 

permeating nearly every business domain. According to the World Economic Forum (2023), approximately 85 million jobs could 

be displaced by AI and automation by 2025, particularly in sectors dependent on routine, repetitive, or structured tasks. While 

these technological innovations promise enhanced efficiency, accuracy, and productivity, they simultaneously raise profound 

concerns about the future of work, job stability, and employee well-being. 

This dual nature of AI presents both opportunities and threats. On one hand, AI enables organizations to reduce costs, eliminate 

human error, and optimize overall performance. On the other hand, the accelerated pace of AI adoption often exceeds the capacity 

of companies to adequately prepare and support their workforce. This imbalance leaves many employees vulnerable to anxiety, 

uncertainty, and perceptions of threat to their job security. As AI increasingly automates or augments work processes, the 

fundamental nature of work is being redefined—often without sufficient reskilling initiatives or communication strategies to 

smooth the transition. Such gaps create fertile ground for psychological distress and organizational disengagement. 

Despite AI’s growing strategic importance, many organizations inadequately manage its human consequences. Employees 

frequently experience subjective job insecurity, defined as the perceived threat to their continued employment due to factors 

beyond their control, notably automation and technological substitution. Even absent immediate layoffs or restructuring, this 

perception can erode morale, increase stress, reduce productivity, and diminish job satisfaction. 

Moreover, as companies implement AI technologies without comprehensive support systems, employee engagement—a critical 

factor for organizational success—suffers. Job insecurity significantly undermines employees’ psychological investment in their 

roles, reducing enthusiasm, energy, and commitment. In such environments, even leading firms risk gradual degradation of 

organizational culture and operational cohesion. 

This study therefore aims to explore the psychological and organizational implications of AI adoption, focusing specifically on job 

insecurity and employee engagement. The objectives include examining the extent to which AI adoption influences employees’ 

perceived job insecurity in AI-intensive industries, assessing the impact of job insecurity on engagement levels, and evaluating 

whether organizational support moderates the negative effects of job insecurity on employee engagement. Central to this research 

is the question: To what extent does organizational support mitigate the psychological impact of AI-induced job insecurity on 

employee engagement? 
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While technological innovation is widely celebrated as a driver of growth and competitiveness, its unintended psychological toll 

on employees remains underexplored, especially in the context of AI. Although previous research has addressed job insecurity 

related to economic fluctuations or organizational restructuring, fewer studies focus on the consequences of rapid technological 

transformation. Additionally, the moderating role of perceived organizational support (POS)—which, according to Eisenberger et 

al. (1986), helps employees cope with workplace changes—has received limited attention within AI-driven disruption contexts. 

By integrating perspectives from organizational psychology, human resource management, and information systems, this study 

provides a multidimensional view of the AI–job insecurity–engagement relationship. The findings aim to offer actionable insights 

for HR professionals, policymakers, and organizational leaders, helping them to harmonize technological advancement with 

sustainable workforce management practices. 

 

2. Literature Review 

2.1 Artificial Intelligence Adoption in the Workplace 

AI technologies have moved beyond experimental phases into large-scale implementation across industries. In manufacturing, AI-

driven robotics handle complex assembly tasks; in finance, AI systems conduct real-time fraud detection and risk modeling; in 

customer service, AI-powered chatbots and voice recognition tools now manage a substantial proportion of client inquiries 

(Gartner, 2022; McKinsey Global Institute, 2017). These advancements, while increasing productivity, have led to significant 

structural changes in labor demand and task distribution. 

Historically, automation displaced physical labor (e.g., conveyor systems, industrial robots), but the current wave of AI targets 

cognitive work. Kaplan (2016) and Brynjolfsson and McAfee (2014) emphasized that machine learning algorithms and neural 

networks now perform tasks such as data analysis, financial forecasting, and strategic planning—tasks once reserved for high-

skilled professionals. The broader consequence is the redefinition of job roles and the blurring of boundaries between human and 

machine responsibilities. 

Scholars highlight the acceleration of "technological substitution"—where AI is not merely augmenting human work but replacing 

it (Frey & Osborne, 2017). In a survey of 12,000 companies, IBM (2022) found that nearly 40% of businesses had already 

deployed AI in decision-making and HR operations. However, these technological gains often come at the cost of job stability, 

especially in roles with repetitive or programmable elements. As AI advances, even knowledge-based occupations are 

increasingly susceptible to automation, which intensifies perceived job threats. 

 

2.2 Job Insecurity: Definitions, Drivers, and Outcomes 

Job insecurity refers to "the perceived threat of job loss and the worries related to that threat" (De Witte, 2005). This construct is 

often divided into two types: 

Objective insecurity, which arises from observable events such as layoffs or downsizing, and 

Subjective insecurity, rooted in employees’ perceptions, regardless of actual organizational risk (Greenhalgh & Rosenblatt, 1984). 

In AI contexts, subjective job insecurity dominates. Employees may feel vulnerable not because their organization announces 

layoffs, but because they observe colleagues being replaced by automation or perceive management's focus shifting toward 

technological solutions. Barley, Bechky, and Milliken (2017) emphasize that the absence of transparent communication 

exacerbates these insecurities, often leading to organizational mistrust and anxiety. 

Research links job insecurity to a wide array of negative outcomes. Sverke et al. (2002) conducted a meta-analysis showing that 

job insecurity correlates with increased psychological distress, absenteeism, turnover intention, and decreased performance. Shoss 

(2017) elaborated that insecure workers often disengage emotionally from their roles, fearing future displacement. Moreover, high 

levels of perceived insecurity contribute to burnout and mental health issues (Probst, 2003), especially in fast-paced, technology-

driven environments. 

AI adds a new layer of complexity. Unlike past economic downturns that led to job cuts, AI represents an ongoing, unpredictable 

evolution of roles. Employees may not know when or how their roles will be affected, only that their functions are increasingly 

performed by machines. This uncertainty makes AI-induced job insecurity particularly psychologically taxing (Nam, 2019; 

Haenlein & Kaplan, 2019). 

 

2.3 Employee Engagement in the Age of Automation 

Employee engagement refers to the extent to which individuals are emotionally, cognitively, and physically invested in their work. 

Kahn (1990) introduced the concept, identifying three core dimensions: 

Vigor (energy and mental resilience) 

Dedication (enthusiasm and pride), and 

Absorption (full concentration and immersion in work). 

In AI-transformed industries, employee engagement is increasingly at risk. Engagement requires psychological safety—an 

environment where individuals feel secure to contribute, innovate, and adapt. When job security is threatened, particularly by 

impersonal and opaque technologies, engagement often diminishes. Gimpel and Schmied (2022) observed that job insecurity leads 

to reduced engagement, especially among employees whose roles have been partially automated. In their study of European 

customer service centers, employees exposed to AI chatbots reported feeling devalued and disempowered, directly impacting their 

sense of engagement. 

The Utrecht Work Engagement Scale (UWES) by Schaufeli et al. (2002) is widely used to measure engagement, and studies using 

the UWES consistently report that job insecurity undermines vigor, dedication, and absorption. Employees are less likely to take 

initiative, support organizational goals, or display resilience when they fear being replaced by AI systems (Shoss, 2017). 
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Furthermore, disengaged employees pose a significant risk to business continuity. Gallup (2023) estimates that actively 

disengaged employees cost organizations up to 18% of their annual salary in lost productivity. In AI-intensive firms, the cost may 

be even higher if disengagement leads to resistance to technological change or knowledge hoarding. 

 

2.4 The Moderating Role of Organizational Support 

Organizational support refers to the degree to which employees believe their employer values their contributions and cares about 

their well-being (Eisenberger et al., 1986). In the context of technological change, Perceived Organizational Support (POS) 

becomes a critical buffer against uncertainty. 

POS includes tangible and intangible practices such as: 

Clear and honest communication about AI deployment, 

Structured training and reskilling programs, 

Opportunities for internal mobility, 

Emotional and psychological support during transitions. 

Ng and Sorensen (2018) found that high levels of POS positively correlate with employee engagement, commitment, and 

adaptability in change-heavy environments. In AI-intensive industries, Korn Ferry (2021) reported that organizations offering 

tailored reskilling programs and AI learning labs witnessed lower attrition and higher morale. These findings suggest that support 

initiatives can foster trust and psychological safety even amidst disruptive technological change. 

Chung et al. (2020) proposed that organizational support plays a moderating role in the relationship between job insecurity and 

engagement. When support is high, the negative impact of insecurity on engagement is significantly reduced. This "buffering 

hypothesis" is especially relevant in AI transitions, where many employees may not be directly impacted in the short term but 

remain psychologically affected by their observations of organizational behavior. 

Case studies further reinforce these findings. For instance, a 2022 case from Accenture showed that implementing an internal "AI 

Readiness Academy" for employees reduced technostress and increased internal mobility by 30%. Likewise, Google’s use of 

internal career coaching for employees affected by AI restructuring demonstrated that transparent and proactive support can 

transform disruption into development opportunities (Business Insider, 2025). 

 

2.5 Conceptual Framework of the Study 

Drawing from the above literature, this study proposes a conceptual model in which: 

AI Adoption is a predictor of Job Insecurity. 

Job Insecurity negatively impacts Employee Engagement. 

Organizational Support moderates the relationship between Job Insecurity and Engagement. 

This framework is grounded in both social exchange theory (Blau, 1964) and the Job Demands–Resources (JD-R) model (Bakker 

& Demerouti, 2007). Social exchange theory posits that when organizations fulfill their psychological obligations through support 

and transparency, employees are more likely to reciprocate with positive attitudes and behaviors. The JD-R model complements 

this by arguing that job resources (like organizational support) can mitigate the effects of job demands (like insecurity) on 

outcomes such as engagement. 

This integrated framework provides a theoretical lens through which the study investigates how AI-induced changes shape the 

workforce and how companies can build resilience through strategic support systems. 

 

3. Methodology 

3.1 Research Design 

The study employed a quantitative, cross-sectional survey design, which is widely used in organizational and psychological 

research for measuring perceptions, attitudes, and behaviors at a specific point in time (Creswell, 2014). The objective was to test 

the proposed conceptual model, which postulates: 

A positive association between AI adoption and job insecurity, 

A negative association between job insecurity and employee engagement, 

A moderating effect of organizational support on the relationship between job insecurity and engagement. 

The choice of a cross-sectional design was justified by its ability to capture a snapshot of how employees perceive AI-driven 

changes in their workplace environments. Although longitudinal designs provide better insights into causal relationships, this 

study aims to explore correlations and moderating effects within a current organizational context.The philosophical underpinning 

of this research is post-positivism, which acknowledges that while objective measurement is possible, social constructs such as 

“job insecurity” or “engagement” are best captured through structured, validated instruments and statistical inference. 

 

3.2 Sampling Strategy and Participants 

The study targeted full-time employees from three AI-intensive sectors: manufacturing, finance, and customer service. These 

sectors were selected because: 

They have high exposure to AI-driven automation, 

They employ a wide range of both routine and cognitive roles, 

Existing literature (Frey & Osborne, 2017; Gartner, 2022) suggests these sectors are most affected by AI implementation. 

A purposive sampling method was employed, which is appropriate when researchers seek specific characteristics in respondents—

in this case, direct exposure to AI technologies at work. Although this limits randomization, it enhances the relevance and 

reliability of the findings in the context of AI adoption. 

Participant Demographics 
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A total of 270 questionnaires were distributed through digital platforms (LinkedIn, Wenjuexing, and email networks) using 

industry-specific groups and forums. After data cleaning and removal of incomplete responses, 210 valid responses were retained, 

resulting in a response rate of 77.8%. 

Key demographic data: 

Gender: 56.2% male, 43.8% female 

Age Groups: 18–25 (17.6%), 26–35 (43.8%), 36–45 (26.2%), 46+ (12.4%) 

Sectors: Manufacturing (37.1%), Finance (31.0%), Customer Service (31.9%) 

Experience: Majority had 3–8 years of experience in their industry 

Education: 61.9% held a bachelor’s degree; 23.8% had a master’s or higher 

To ensure ethical compliance, all participants provided informed consent. Participation was voluntary, and all data were 

anonymized. 

 

3.3 Measurement Instruments 

To maintain consistency and validity, the study utilized well-established, psychometrically sound measurement tools. Each 

instrument was adapted to the AI context without altering core constructs. 

 

3.3.1 AI Adoption 

AI adoption was measured using a modified version of the AI Integration Scale developed by Chui et al. (2016). The instrument 

includes five items capturing the extent to which employees perceive AI technologies as integrated into their daily workflows. 

Sample item: 

“In my current job, AI tools or systems frequently assist or replace tasks that were previously manual.” 

Responses were recorded on a 5-point Likert scale (1 = Strongly disagree to 5 = Strongly agree). 

Reliability coefficient: Cronbach’s α = 0.81 

 

3.3.2 Job Insecurity 

Job insecurity was assessed using the Job Insecurity Scale by Greenhalgh and Rosenblatt (1984) and adapted by De Witte (2005). 

This includes six items measuring subjective perceptions of employment threat. Sample item: 

“I feel insecure about the future of my job because of technology being introduced at my workplace.” 

Cronbach’s α: 0.84 

 

3.3.3 Employee Engagement 

Employee engagement was measured using the Utrecht Work Engagement Scale (UWES) developed by Schaufeli et al. (2002). It 

contains 9 items across three dimensions: 

Vigor: “At my work, I feel bursting with energy.” 

Dedication: “I am enthusiastic about my job.” 

Absorption: “I am immersed in my work.” 

Participants rated each statement on a 7-point frequency scale (0 = Never to 6 = Always). 

Cronbach’s α: 0.91 

 

3.3.4 Perceived Organizational Support (POS) 

POS was measured using a tailored version of the Survey of Perceived Organizational Support developed by Eisenberger et al. 

(1986). The scale includes 8 items, including: 

“My organization provides training to help employees adapt to AI and automation.” 

“My supervisor is concerned about how AI affects employee well-being.” 

Cronbach’s α: 0.88 

 

3.4 Data Analysis Techniques 

To analyze the data, IBM SPSS 26 was used along with Hayes’ PROCESS macro (version 4.0) to examine moderation effects. 

Descriptive Statistics 

Means, standard deviations, skewness, and kurtosis were calculated to check data normality. 

Frequency distributions provided an overview of sample characteristics. 

Reliability and Validity 

Internal consistency reliability was assessed via Cronbach’s Alpha (α). 

Validity was supported by previous literature and content review by HR professionals. 

Correlation Analysis 

Pearson’s correlation coefficients were computed to assess bivariate relationships among variables. 

Regression Analysis 

Multiple linear regression tested the direct effects of AI adoption on job insecurity and job insecurity on engagement. 

Moderation Analysis 

Hayes’ PROCESS macro (Model 1) tested whether organizational support moderated the job insecurity → engagement 

relationship. 

Variables were mean-centered to reduce multicollinearity and facilitate interaction interpretation. 
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Interaction effects were interpreted through conditional effects plots at low (–1 SD), medium (mean), and high (+1 SD) levels of 

POS. 

Assumptions Testing 

All analyses were preceded by checks for: 

Normality (via histograms, skewness/kurtosis), 

Linearity (scatterplots), 

Homoscedasticity (residual plots), 

Multicollinearity (VIF < 5). 

 

3.5 Ethical Considerations 

The research adhered to ethical standards in line with APA guidelines and university research protocols. Participants were 

provided with: 

A clear explanation of the study’s purpose, 

Assurance of confidentiality and anonymity, 

The right to withdraw at any time without penalty. 

Data were stored securely and used solely for academic analysis. The study received prior approval from the Institutional Review 

Board (IRB) of the affiliated academic institution. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

4. Results and Analysis 

4.1 Demographic Profile 

The sample consisted of 210 employees from three key AI-driven sectors. Table 4.1 summarizes the demographic characteristics: 

 

Characteristic Frequency (n) Percentage (%) 

Gender   

Male 118 56.2 

Female 92 43.8 

Age Group   

18–25 37 17.6 

26–35 92 43.8 

36–45 55 26.2 

46+ 26 12.4 

Industry   

Manufacturing 78 37.1 

Finance 65 31.0 

Customer Service 67 31.9 

 

The balanced distribution across gender, age, and industries supports the generalizability of findings within AI-intensive sectors. 

 

4.2 Reliability and Descriptive Statistics 

Internal consistency for all scales was strong, as demonstrated by Cronbach’s alpha coefficients (see Table 4.2): 

 

Construct Number of Items Cronbach’s α Mean (M) Standard Deviation (SD) 

AI Adoption 5 0.81 3.87 0.72 

Job Insecurity 6 0.84 3.52 0.80 

Employee Engagement (UWES) 9 0.91 3.69 0.77 
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Construct Number of Items Cronbach’s α Mean (M) Standard Deviation (SD) 

Organizational Support 8 0.88 3.44 0.68 

The mean scores indicate moderate to high perceptions of AI integration and organizational support, with job insecurity and 

engagement at moderate levels. 

 

 

 

 

 

 

 

 

 

 

 

4.3 Correlation Analysis 

Pearson correlation coefficients are shown in Table 4.3. All hypothesized relationships were significant at p < 0.01. 

 

Variables 1 2 3 4 

1. AI Adoption 1    

2. Job Insecurity 0.65** 1   

3. Employee Engagement –0.44** –0.51** 1  

4. Organizational Support –0.39** –0.48** 0.56** 1 

 

Note: p < 0.01 

AI Adoption was positively correlated with Job Insecurity (r = 0.65), indicating that higher AI integration is associated with 

greater perceived job threats. 

Job Insecurity was negatively correlated with Employee Engagement (r = –0.51), supporting the hypothesis that insecurity 

diminishes engagement. 

Organizational Support was positively correlated with Engagement (r = 0.56), highlighting its potential role in sustaining morale. 

 

4.4 Regression and Moderation Analysis 

4.4.1 Regression Analysis 

The following linear regressions tested the direct effects (Table 4.4): 

Hypothesis Predictor β t-value p-value 

H1: AI Adoption → Job Insecurity AI Adoption 0.62 11.23 < 0.001 

H2: Job Insecurity → Engagement Job Insecurity –0.47 –8.64 < 0.001 

 

Results confirm that AI adoption is a strong positive predictor of job insecurity, and job insecurity significantly predicts lower 

employee engagement. 

 

4.4.2 Moderation Analysis 

Using Hayes’ PROCESS macro (Model 1), organizational support was tested as a moderator of the job insecurity → engagement 

relationship. 

The interaction term (Job Insecurity × Organizational Support) was significant (β = 0.34, t = 3.29, p = 0.001), indicating that 

organizational support buffers the negative impact of job insecurity on engagement. 

The moderation effect is visualized in Figure 4.1, showing that employees perceiving high organizational support maintain higher 

engagement levels even with increased job insecurity, whereas those with low support show a sharper decline in engagement. 

 

4.5 Summary of Findings 

AI adoption is strongly associated with increased perceptions of job insecurity. 

Job insecurity negatively affects employee engagement. 

Organizational support plays a critical moderating role, reducing the detrimental effect of job insecurity on engagement. 

These findings corroborate prior theoretical models (e.g., social exchange theory, JD-R model) and empirical studies (Ng & 

Sorensen, 2018; Korn Ferry, 2021), reinforcing the importance of support mechanisms in AI-driven workplace transformations. 

 

 

5. Discussion 

5.1 AI Adoption and Job Insecurity 
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Consistent with prior research (Frey & Osborne, 2017; Kaplan, 2016), the results affirm that employees perceiving higher AI 

integration in their workflows report significantly greater feelings of job insecurity. This association highlights the pervasive 

anxiety surrounding technological substitution and the uncertainty about future employability. The impact is particularly salient in 

sectors such as manufacturing and customer service, where automation of routine tasks is most visible and immediate. 

These findings underscore the subjective nature of job insecurity in AI contexts. Unlike traditional downsizing events, AI-driven 

displacement often lacks clear signals, creating an ambiguous threat environment. Employees experience stress not solely from 

tangible job loss but from an ongoing sense of vulnerability, consistent with Barley et al.'s (2017) observations on the 

psychological toll of technological change. 

 

5.2 Job Insecurity’s Impact on Employee Engagement 

The study confirms a strong negative relationship between job insecurity and employee engagement, in line with theories posited 

by Kahn (1990) and empirical findings by Gimpel and Schmied (2022). When employees doubt the stability of their positions, 

their vigor, dedication, and absorption at work diminish significantly. This psychological disengagement jeopardizes not only 

individual well-being but also organizational performance and innovation capacity. 

Disengaged employees may become passive or resistant to change, which in turn hinders successful AI adoption. The emotional 

distress caused by insecurity can lead to absenteeism, turnover intentions, and reduced discretionary effort (Sverke et al., 2002). 

Thus, job insecurity represents a critical barrier to harnessing the full benefits of AI-driven transformation. 

 

5.3 Organizational Support as a Buffer 

A key contribution of this research lies in demonstrating the moderating effect of organizational support on the job insecurity–

engagement relationship. Employees perceiving high levels of support—such as transparent communication, reskilling programs, 

and managerial empathy—showed significantly higher engagement despite experiencing job insecurity. 

This finding reinforces the buffering hypothesis from the Job Demands-Resources (JD-R) model (Bakker & Demerouti, 2007), 

whereby resources mitigate the detrimental effects of job demands. Organizational support, therefore, acts as a psychological 

resource that enhances employees' resilience and trust during AI transitions. 

Practically, these results echo Korn Ferry’s (2021) reports on the value of proactive upskilling initiatives and internal mobility 

pathways. When organizations invest in employee development and maintain open dialogues about AI implementation, they not 

only reduce fear but also foster a culture of learning and adaptability. 

 

5.4 Implications for Theory 

The findings expand the literature on technological change and workforce psychology by integrating AI adoption into established 

models of job insecurity and engagement. This study highlights the importance of contextualizing job insecurity within AI-driven 

environments, where uncertainty stems from rapid, opaque technological evolution rather than traditional economic downturns. 

Moreover, the demonstrated moderating role of organizational support enriches social exchange theory (Blau, 1964) by 

illustrating how employer actions during disruptive change influence employee attitudes and behaviors. This research suggests 

that perceived organizational support is not just a static resource but a dynamic mechanism critical for sustaining engagement 

amid technological upheaval. 

 

5.5 Practical Implications 

For HR leaders and organizational decision-makers, the study’s results emphasize the need to balance technological advancement 

with human-centric strategies. Ignoring the psychological impacts of AI risks alienating employees and undermining 

transformation efforts. 

Recommendations include: 

Implementing comprehensive reskilling programs tailored to emerging AI tools and future job requirements. 

Enhancing communication transparency about AI strategy, timelines, and expected workforce implications. 

Providing emotional and psychological support, such as counseling services and peer support groups. 

Recognizing adaptability by rewarding employees who embrace AI-related changes 

Customizing interventions to employee demographics, acknowledging that age, tenure, and role influence perceptions of AI and 

insecurity. 

Such integrated approaches foster a sustainable workforce capable of navigating technological change while maintaining 

productivity and morale. 

 

5.6 Limitations and Future Research Directions 

This study’s cross-sectional design limits causal inferences; longitudinal research is necessary to capture changes over time as AI 

adoption evolves. Additionally, the purposive sampling approach, while appropriate for this context, may limit generalizability 

beyond the studied sectors. 

Future research should: 

Explore industry-specific dynamics, particularly in healthcare, education, and logistics. 

Conduct cross-cultural comparisons to understand how national labor market policies and cultural attitudes shape AI-related job 

insecurity. 

Investigate the long-term psychological and career trajectories of employees affected by AI. 

Examine the role of leadership styles and organizational climate in moderating workforce responses to AI adoption. 
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6. Conclusions and Recommendations 

6.1 Key Findings and Implications 

This study explored the complex interplay between artificial intelligence (AI) adoption, job insecurity, employee engagement, and 

organizational support in AI-driven industries such as manufacturing, finance, and customer service. Findings indicate that as AI 

technologies become deeply integrated into organizational workflows, employees are increasingly likely to experience job 

insecurity. This psychological stressor negatively affects key dimensions of employee engagement, including vigor, dedication, 

and absorption. 

Significantly, the research underscores the moderating role of organizational support. Companies that invest in transparent 

communication, continuous reskilling, and emotional well-being create a protective buffer against the adverse psychological 

effects of AI-driven change. This human-centered approach to AI adoption not only preserves employee morale but also promotes 

a culture of trust, adaptability, and innovation. 

In short, while AI promises operational efficiency and competitive advantages, organizations must not overlook the human side of 

digital transformation. This study provides empirical support for workforce strategies that prioritize psychological safety and 

sustained engagement amid technological disruption. 

 

6.2 Strategic Recommendations and Future Directions 

To align AI implementation with employee well-being, several strategic actions are recommended: 

Develop Robust Reskilling Programs: Continuous training initiatives should prepare employees for evolving AI-integrated roles. 

Personalized and accessible upskilling pathways increase adaptability and reduce feelings of professional obsolescence. 

Maintain Transparent Communication: Leaders should openly share AI-related goals, timelines, and role impacts. Clarity reduces 

uncertainty and builds employee trust, enabling smoother transitions and stronger alignment with organizational change. 

Integrate Psychological Support Systems: Offering counseling services, stress management programs, and peer networks can 

address emotional challenges associated with AI-related transitions. Psychological support improves resilience and fosters long-

term engagement. 

Encourage Adaptability Through Recognition: Rewarding employees who embrace AI tools and innovations helps cultivate a 

forward-thinking culture. Recognition reinforces learning and signals appreciation for proactive behaviors. 

Customize Support by Demographics and Industry Needs: Tailored support—considering factors like age, job type, and sector-

specific demands—ensures inclusivity and effectiveness. For instance, older employees may benefit from more gradual training 

programs, while customer-facing roles may require distinct coping mechanisms. 

 

Limitations and Future Research: 

While this study offers significant insights, its cross-sectional nature limits causal inferences. Future longitudinal research is 

needed to observe how perceptions of job insecurity and engagement evolve over time with AI advancements. Furthermore, the 

study’s focus on three industries constrains broader applicability. Expanding to sectors such as healthcare, logistics, and education 

will enrich understanding of AI’s diverse workforce impacts. 

Additionally, cross-cultural research could explore how regional differences in labor practices, organizational culture, and AI 

adoption affect employee outcomes. Understanding these variations is vital for creating globally relevant strategies for AI 

integration. 

In conclusion, successful AI adoption must go beyond technical implementation. It requires intentional, inclusive organizational 

strategies that safeguard employee security and foster a resilient, engaged workforce—laying the foundation for sustainable 

innovation. 
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